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Abstract

Psycholinguistic Plausibility of Model Adaptation Timeline Conclusion

Humans rapidly adapt their lexical and syntactic expectations

to match the statistics of the current linguistic context. We Ambiguous Disambiguation mlzdséseiizgago?ﬁnémﬁ?f Sz;hoilonigﬁf ﬁiitzgg I\llecl”;ls:
show that adding a simple adaptation mechanism to a neural (1) The experienced soldiers warned about the dangers conducted the midnight| raid. ulary choice. X dap ta}t/ion ig V@if simple t}(f) implement and
1§nguage model improves our predictions of human reading (2) The experienced soldiers who were warned about the dangers |conducted the midnight raid. makes language models more linguistically and psycholin-
times compared to a non-adaptive model. Unambiguous guistically accurate, and so should be adopted when using

surprisal to model human cognition.

RT(1) — RT(9) and surprisal ;) — surprisaly reveal the difficulty of disambiguation.
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